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Gen AI for Clinical Study Report (Content) Generation

■ CSR Writing: a critical yet time-consuming 
process

■ Interpreting complex statistical outputs from 
TFLs demands precision

■ Gen-AI accelerates CSR authoring, improving 
both speed and accuracy

■ Our Proof of Concept (POC), powered by CDISC 
ARS & ARD, redefines how CSRs are written.
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Gen-AI Models used by Clymb
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Prompt-Based 
Models

Embedding 
Models

Open-Source 
Models

Presenting on

2nd POC Exploring1st POC 



Prompt Engineering – Instruction, Context and User’s Input

4444444Image Reference: https://yellow.ai/blog/how-yellow-ai-works-around-the-pitfalls-of-prompt-engineering/ 

https://yellow.ai/blog/how-yellow-ai-works-around-the-pitfalls-of-prompt-engineering/


Providing Instructions / Examples to the AI Model 
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Model used GPT-4o



Providing Context to the AI Model [TFLs in RTF or PDF] 
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Model used GPT-40



Providing Context to the AI Model [ARS Metadata and ARD]
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Model used GPT-40



Is Providing ARS Metadata + ARD Better 
Than TFLs ?
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CDISC Analysis Results Standard - a Logical Data Model

https://cdisc-org.github.io/analysis-results-standard/

https://wiki.cdisc.org/display/ARSP/Analysis+Results+Standard+User+Guide+v1.0

https://cdisc-org.github.io/analysis-results-standard/
https://wiki.cdisc.org/display/ARSP/Analysis+Results+Standard+User+Guide+v1.0


CDISC ARD - holding Results and associated Metadata

Analysis Results Datasets 

Analysis Results Datasets (ARD) are structured datasets containing the results 
of statistical analyses performed on clinical trial data, along with metadata 
that provides context, traceability, and machine-readable summaries to 
support TFLs and regulatory submissions.



Final Verdict
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Why Bother With Summarized Results (ARD)? 

Can’t We Just Provide Patient-Level Data?
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Using ARD as the Primary Input



Regulatory Perspective

14

CDISC ARD: The Clear Winner for Gen AI-Driven CSR Writing!



What Sections of the CSR is Supported by Gen AI?  
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Sections of the CSR Supported by Gen-AI
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Let’s See Gen AI Produced CSR Sections!
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Takeaway: Gen AI can generate good-quality CSR 
narratives, but…
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“Gen AI can make mistakes.”



Human-in-the-loop validation is 
necessary to maintain clinical 
accuracy and regulatory 
compliance.

Human-in-the-loop Validation



Key Considerations for Gen AI-Based CSR Writing
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Prompt Engineering – Instruction, Context and User’s Input

Create Training 
Pairs

Fine-Tuning 
Strategy 

Validation and 
Testing

Continuous 
Refinement

(Input / Output Examples)



Tell us about the Benefits, Challenges and 
Considerations?
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Key Benefits
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■Increased Efficiency: Reduces manual effort, 
accelerates reporting, and streamlines CSR 
generation.

■Enhanced Accuracy: Minimizes human errors 
with automated quality control to detect 
inconsistencies.

■Improved Consistency: Ensures uniform 
interpretation and standardization across CSRs.



Challenges and Considerations
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Regulatory 
Compliance

Strict adherence to ICH, 
FDA, and EMA guidelines 
to ensure regulatory 
approval.

Maintain audit trails and 
document every AI-driven 
decision for transparency.

Data Privacy

Secure handling of 
sensitive clinical data 
using HIPAA and GDPR 
standards.

Implement data 
anonymization and end-
to-end encryption for 
confidentiality.

Model 
Interpretability
Ensure transparency in AI 
decision-making with 
explainable AI (XAI) 
techniques.

Provide traceability from 
data inputs to narrative 
outputs.

Adaptability

Handle study-specific 
nuances by fine-tuning 
models for different 
therapeutic areas.

Allow customization to 
align with study protocols 
and statistical methods.



Next Steps?
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Gen AI for CSR Writing: An Inevitable Step 
Toward Efficiency and Innovation



Incorporate Learnings & Complete Embedded Model 

25

Prompt-Based 
Models

Embedding 
Models

Open-Source 
Models

Complete by Q2 ‘25

2nd POC Exploring1st POC 
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